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Fig.9 Edge connect algorithm results
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Fig. 10 Results of simulation tests on GLCIC
algorithm on the CelebA dataset
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Tab.3 Performance comparison of PSNR and SSIM of various algorithms

Bk PSNR/dB SSIM

patch-match 6] 17.9 0.757

contextual attention 30 19.7 0.824
context encodel 28] 19.1 0.792

deeply supervised face completion[3!] 22.87 0.855
generative face completion[3] 21.5 0.824
globally and locally consistent!2%] 22.57 0.847
edge connect(3) 25.28 0. 846
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